1\

IRJEAT

International Research Journal of Education and Technology

Peer Reviewed Journal

ISSN 2581-7795
Fuel Efficiency Prediction Using TensorFlow in Python: A Machine Learning Approach
Authors:
Aakash B (8208E21CSR001), Dharma Vasan (8208E21CSR025), Harish N (8208E21CSR038)
Under the guidance of: Mrs. E. Saranya, Assistant Professor, CSE
E.G.S. Pillay Engineering College, Nagapattinam, Tamil Nadu
Abstract

Fuel efficiency estimation is a central issue in the automotive sector. With the increasing demand
for sustainable and affordable transportation, the application of machine learning has been
recognized as a possible solution to estimate fuel consumption with high accuracy. This paper
introduces an estimation model from the TensorFlow and Keras libraries coded in Python. With
exploratory data analysis, combined with deep learning techniques, the model is able to
accurately forecast vehicle parameters such as weight, engine size, and cylinder number to fuel
consumption in miles per gallon (mpg). The experimental outcome indicates the potential of the
model to assist the automotive sector in improving fuel efficiency and enhancing sustainability.
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1. Introduction

Fuel consumption is among the key parameters in the automotive industry with economic and
environmental impacts. Precise fuel efficiency forecasting allows better design choices, promotes
fuel saving, and reduces emissions. Traditional methods of fuel forecasting used physical models
and heuristics. Such methods are not capable of handling modern, dynamic driving styles. The
use of machine learning, particularly deep learning environments like TensorFlow, has the
potential to enhance the accuracy of predictions by learning sophisticated patterns from the past.
This study entails a method for predicting fuel efficiency utilizing machine learning that accepts
vehicle specifications as the input. The focus here is to utilize TensorFlow and Keras since they
possess robust structure and simplicity to implement on the ground.
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2. Background

Previously, fuel efficiency models were basic and were constructed based on parameters like the
engine type, weight of the vehicle, and aerodynamics. Though useful in the early years of
engineering, these models are useless in solving complex relationships as well as in reacting to
different driving styles and road conditions.

Machine learning eliminates such constraints by allowing prediction models to learn from vast
volumes of data. The models can learn nonlinear relationships and therefore make enhanced
predictions. TensorFlow and Keras are two open-source Google libraries that offer frameworks
for scalable and modular machine learning pipelines to build.

3. Problem Statement

Despite improvements in vehicle design and fuel efficiency optimization systems, fuel
consumption forecasting is difficult with the complexity of interacting variables. Hand forecasting
and existing fuel-economy optimization systems (FEOS) are not usually possible or accurate. FEOS
systems, for example, determine optimal acceleration/deceleration through mathematical
methods like Lagrange multipliers but do not accurately account for human behavior and in-
motion environmental variables.
The objective of this project is to create an intelligent forecasting system based on deep learning
with dynamic vehicle and environmental parameters to make accurate fuel consumption
predictions.

4. Related Work
Some authors have investigated the application of machine learning to fuel prediction:

* Rezaul Karim (2018) emphasized the precision of TensorFlow and Keras models employed in
fuel forecasting.

e Aurélien Géron (2017) showed that duty cycle and environment influence mean fuel
consumption.

e Arnold & Tilton (2023) placed particular emphasis on exploratory data analysis (EDA) in
streamlining prediction modeling.
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e Joel Grus (2015) illustrated the benefit of limiting reliance on human forecasting methods.
e Witten, Frank, & Hall (2011) described cost-effective machine learning methods for use.

These analyses indicate the potential of predictive analytics using deep learning but introduce
risks like delay in real-time processing and threats to models.

5. Methodology

The project follows an experimental approach beginning with data preprocessing and exploratory
data analysis (EDA). The employed predictors are the following automobile parameters:

. Number of cylinders
J Engine displacement
J Vehicle weight

The variable of interest is miles per gallon (mpg) fuel efficiency.

We use Seaborn pairplots to visualize correlations among features, indicating that
e Weight and mpg negative correlation

* Negative correlation between mpg and displacement

* Trends in fuel efficiency by cylinder number

A model is built with TensorFlow and Keras and trained on a dataset of historical vehicles. The
model is tested to see how well it can generalize to new data.

6. Implementation Details

* Technology Stack: Python, TensorFlow, Keras, Seaborn, Pandas
e Model Architecture: Sequential dense layers model

e Training Strategy: Batch training with Adam optimizer

eAssessment Metrics: MSE, MAE, R-squared
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It has been architected to support large data sets through TensorFlow's distributed training. It
makes it easier to define the architecture, permitting quick experimentation with Keras.

7. Results and Discussion

Model performance is graphically represented through accuracy metrics and scatter plots of
predicted vs. actual mpg values. The results are that:

e The model has high prediction accuracy
e Error margins are acceptable
e Trends identified through EDA are echoed in model behavior

This verification attests to the excellence of machine learning models over heuristic or manual
systems in predicting fuel consumption.

8. Future Work

Electric Vehicles: Specialized vehicles for EVs and hybrids are important, considering their distinct
energy consumption patterns, i.e., battery state-of-charge and regenerative braking.

Smart Driving Systems: Autonomous vehicles can use adaptive machine learning models that
learn incrementally with feedback from real-time sensor data, reducing energy consumption
adaptively.

loT Integration: Onboard sensors and smart infrastructure can provide continuous real-time
inputs to cloud-based models, pushing accuracy and response.

In addition, adopting federated learning maintains data privacy when using decentralized data.
Future work can also be done integrating with V2X communication to incorporate traffic, weather,
and road conditions for more holistic predictions.

9. Conclusion
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This study validates the efficient use of machine learning, i.e., TensorFlow and Keras, to predict

car fuel efficiency in terms of prominent car features such as weight, displacement, and cylinders.

The model not only excels on the accuracy but also scalability front for real-world application.

This research opens the door to the inclusion of predictive analytics in smart vehicle systems to

facilitate data-driven improvement, maintenance, and driving behavior. As the transport sector

goes green, machine learning will be a major driver of emissions reduction and energy efficiency

improvement. Subsequent advancements can further enhance model responsiveness, autonomy,

and real-time adaptability.
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